Texture classification is a fundamental task in image processing and computer vision. Among the proposed approaches in the recent years to represent the texture images, Local Binary Pattern (LBP) proposed by Ojala et al. has been known as one of the most successful statistical approaches due to its efficacy, robustness against illumination changes and relative fast calculation [1] . In order to encode LBP, the gray level of each pixel is compared with those of its neighbors and the results of these comparisons are weighted and summed. The obtained texture feature is the LBP histogram whose bin count depends on the number of neighbors. Otherwise, it has been demonstrated that color information is very important to represent the texture, especially natural textures. However, the extension of LBP to color leads to consider several LBP histograms and only some of which are relevant for texture classification. Kalakech et al. introduced a histogram selection score, named "Adapted Supervised Laplacian score" (ASL-score) based on Jeffrey distance and a similarity matrix [2] . This matrix is deduced from the class labels. It is a hard value which is 0 or 1. In this paper, we propose to extend the ASL-score by using sparse representation to build a soft similarity matrix that takes values between 0 and 1. The soft value of the similarity obtained by the sparse representation could better reflect the geometric structure of different classes. Indeed a value between 0 and 1 will measure the similarity in a subtle way, instead of being binary with just two values 0 and 1. This may lead to more powerful discriminating information. The proposed score, called Sparse Adapted Supervised Laplacian score (SpASL-score) Figure 1 shows the LBP histogram selection scheme in 3D color space. This is a filer approach. It consists in computing the score of each histogram in order to measure its efficiency. Then, these histograms are ranked according to the proposed score. Experimental results are achieved with OuTex-TC-00013, BarkTex and USPTex databases in different color spaces by using 1-NN classifier. The proposed histogram selection score, integrating soft similarities, improves the results of color texture classification.
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